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Abstract:With the development of social media,the services in micro-blog have significantly changed the way

people use the Internet. However,as the large amount of information posted by users and the highly frequent update on

micro-blogs,users often face the problem .of information overload and miss out the content they are interested in.The

recommendation system,which recommends items(such as products,web pages,micro-blogs,etc.)to users based on their

interests,is an effective solution to this problem.The paper introduces a micro-blog recommendation algorithm based on

the tensor factorization technology to predict the user's interest degree on certain micro-blog.The experimental results

on real dataset show that the proposed model achieves desirable performance in characterizing the user's interest and

the preprocessing of data on micro-blog.Finally,the paper presents the experimental results which show that the method

significantly outperforms the baseline method.
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2 EHEFE L L AN (Optimizing ranking criterion
for weibo recommendation)
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Tab.1 MAP results of all methods

Jiik IRHi] ARPLEE SVD TF

MAP 0.158 0.102 0.304 0.339
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