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Abstract:In order to improve the accuracy and robustness of flame detection,the paper proposes a flame detection

algorithm based on Support Vector Machine(SVM).Firstly,according to the color and motion characteristics of the flame,the

algorithm extracts the suspected flame area with the YCbCr color Gauss model and the ViBe algorithm.Secondly,in order to

improve the robustness of detection and reduce calculation,the algorithm extracts the dynamic and static characteristics of

the suspected flame area on a one-second cycle.Finally the feature vector is put into the pre-trained SVM for detection.The

simulation results show that the algorithm has high accuracy and meets the real-time requirements.
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2 KR =1REN(Flame foreground extraction)
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Fig.1 Moving object detection result
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Fig.2 Value frequency of Y. Cb, Cr channels
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3 NE4E{FEIREN(Flame feature extraction)
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5 LWERS5 45 (Experimental results and
analysis)
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Tab.1 Comparison of experimental results

SCk[111d5 % A3 Tjik

TPR/% FPR/% TPR/% FPR/%
1 93.75 11.81 95.14 9.03
2 95.83 14.58 96.53 12.5
3 93.06 13.89 92.36 6.94
4 90.97 10.42 94.44 8.33
5 91.67 9.72 95.83 6.25

FEE 93.06 12.08 94.86 8.61

6 #5it(Conclusion)
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