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Data Mining of Online Recruitment Information
Based on K-Means and Correlation Analysis
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Abstract:Based on the k-means algorithm,the paper conducts cluster analysis of the online recruitment data,and adopts
the association rules to predict big data and the IT industry.The analysis results show that education background and work
experience directly influences the salary,the average salary in the financial and banking industry is higher than all the other
professions,the educational requirements are relatively high in the big data and IT industry,and there is a growing tendency
of its proportion in all the professions.
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Fig.1 The first position word cloud
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distribution diagram

B lsalary_averageSHE (2

5Q

salary_averagelFEHIE]

BEEE

B4 BURRKRFHGFHFR>HA
Fig.4 The education and average salaries'
distribution diagram
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Fig.5 The proportion of the big data and IT in all
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Fig.6 The big data and IT's education distribution
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Fig.7 The big data and IT's experience distribution
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