5204553
20174E3

HiETHE SOFTWARE ENGINEERING

Vol.20 No.3
Mar. 2017

WEHES . 2096-1472(2017)-03-14-03

TR ER M (T SR
TR

(KBRITFRIAFEINIAZZ, L& KR 030008 )

B O 4, WIECERIN IR BRI A MRS 2 —. BEERURRRAT, Wi R R B R
PP TR PO R U BB IR B . R GURIEE BT ST P A B S 1 %88, AT A P 7 ] RE RO B
BOXTSE, WAL T, BUESE . ARSON T — M E TR SRR RO RO TR AR P R R B A
2R, DASICR IR o ) R R A AN T BRAE A BEX U T TS . BRI X B R R, EEA TS

. PSR E R R R L, RGOS RS R R, R T R ERR R

KEEIR. IR, PhRIIE, SRR
FE4SHES . TP391 XEERIRAE: A

A Personalized Micro-Blog Recommendation Algorithm Based on/Collaborative Filtering

QIN Xiaohui
( School of Computer Engineer,Taiyuan Institute of Technology,Taiyuan 030008,China)

Abstract:Currently,micro-blog has become one of the most influéntial networking services throughout the world.

Along with its increasing growth of popularity,the large number of information available on micro-blog has obstructed people

from accessing the messages they are interested in.The micro-blog recommendation system picks out and recommends the

objects (e.g.products,webpages,micro-blogs,etc.) via analyzing the existing data of the user.The paper proposes a micro-

blog recommendation algorithm based on the collaborative filtering technique,explores some recessive factors which may

influence user's interest and studies micro-blogdecommendation from the perspective of data collecting and preprocessing on

micro-blog networks.While the previous studies ‘only focus on the relationship between the user and the publisher,and that

between the user and the micro-blog post,this' paper adoptsimatrix decomposition to model recessive factors and proposes the

influence factors between the publisher afid the micro-blog post.Finally,the experimental results show that the new algorithm

significantly improves the accuracy of micro-blog recommendation.
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Tab.1 MAP results of all methods

Jiik kR MU Jihs i ik SVD
MAP 0.158 0.102 0.151 0.304
#£12(Conclusion)
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for(b=1;b<=25;b++)

for(c=63;c<=87;c+=3)

{a=100—b—c;

if(5*a+3*b+c/3==100)

printf(" A=%d, EiE=%d, /;E=%d\n" ,a,b,c);
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for(a=1;a<=14;a++)

for(b=1;b<=25;b++)

{c=100—a—Db;

if((5%a+3%b+c/3==100)&&(c%3==0))

printf("A 18=%d\ F18=%d , /’MNE=%d\n",a,b,c); }
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