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Abstract: At present,in the field of human action recognition,there are generally two classification models:the general

model and the personalized model.But the diversity of human bodies is not considered in the general model,so it is not

suitable for everyone.On the other hand,the personalized model needs more human intervention.In order to make up the

deficiency of the two models,the paper proposes a compromise model training method which trains the raw acceleration

data after partitioning the diversified factors of human bodies to obtain multiple models.Additionally,the position of the

acceleration sensor has been taken into consideration during the process of data collection,in order to extend the application

scope of the recognition model. This method provides the model with better universality and recognition accuracy.

Eventually,through the test on the five human actions of standing,walking,running,going up and down the stairs,the

recognition rate reaches about 95%.Experiments show that the method is practical and effective.
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Fig.1 The flow chart of activity recognition
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Fig.2 Data acquisition and processing interface
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Fig.3 The comparison of acceleration between different

sex when age,height,weight are same
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Fig.4 The comparison of acceleration between different

age when sex,height,weight are same
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Fig.5 The comparison of acceleration between different

height when sex,age,weight are same
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Fig.6 The comparison of acceleration between different

weight when sex,age,height are same
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Tab.1 Model number and test set number corresponding

relation tables
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Tab.2 The test results
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1 72.2609
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4 74.0011
6 85.8175
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6 86.4815
4 96.4141
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6 87.237
5 96.8033
e 1 75.4098
6 85.0486

MEZ2EAR T MR A5 A, B, BFE. RENT
SRR A B R S A, I, DX TR A R T
TR Yo DX 0 P S 06 B

M AN 20 A v 35 5 I 2 4 R0 st 4 R AT 2 K S
By, SRJE AT BO0E SR rh T O 4 A HEAT TR RE A 5
%, BEMRASRR N, AR T A SR BTy
R E A
4 #5if(Conclusion)

ASCHAS TR AN, 4RI TR R T L=
Al 0 A R R SR B IS VM A R AT BT Nk %
FEMERAT IR B B, AR RS, B, RED

NAEZ HEPE R R VAT B ), SRR — R AHA — Xt

IEIRERL, AN UBERE PRI A B A R, iR T IR AR

B, eI R, TR IS hIE L e s A iy

TR B AT AR B 0, RICT M B R, DA T RE

F IR KPR AR 2R . AR S 5 AR AR X AR A

BRI Z R T B, UERA T AR SO IR AT AT

S Z Xk (References)

[1] Palaniappan A,Bhargavi R,Vaidehi V.Abnormal Human
Activity Recognition Using SVM Based Approach[C].
International Conference on Recent Trends in Information
Technology,2012:97—102.

[2] Wei H X, He J,Tan J D.Layered Hidden Markov
Models for Real—time Daily Activity Monitoring Using
Body Sensor Networks[J].Knowledge and Information
Systems,2011,29(2):479—494.

[3] Qian H M,et al.Recognition of Human Activities Using
SVM Multi—class Classifier[J].Pattern Recognition
Letters,2010,31(2):100—111.

[4] Khan Z A,Sohn W.Abnormal Human Activity Recognition
System Based on R—transform and Kernel Discriminant
Technique for Elderly Home Care[J].IEEE Transactions on
Consumer Electronics,2011,57(4):1843—1850.

[5] E 3tk A T = 4hdmik B AR R B 09 ARAT AR BF L [D]. L
Bt i K F 2014,

[6] Nicholas D.Lane,et al. Community Similarity Networks|[]J].
Personal and Ubiquitous Computing,2014,18(2):355—368.

[7) 308K, F EFFFAY K& FHRGFA).F BRL
b5 52 #%,2002,8(9):532—533;544.

[8] R & BiEFATAHRANFHERFI HEAA[DLIT:F
B A B K 2013

[9] K.Van Laerhoven,A.Schmidt,H.—W.Gellersen.Multi—
sensor Context Aware Clothing|C].Proceedings of the Sixth
International Symposium on Wearable Computers,2002:49—56.

[10] Ling Bao,Stephen S.Intille.Activity Recognition from User—
Annotated Acceleration Data[J].Lecture Notes in Computer
Science,2004,3001:1—17.

1EEE T

& A0991-), L, WA PO, Bz, B

MR (1965—), J, Wid, B BIFRGUR: BdRiZH, TR

PURBI BT

B Om(1984-), B, Hd, BYRERESCAL WO, BATE.

HAR1992—-), B, Wit ik, BRERIA.

TAaA(1991-), 5, B Bredis: o301, S





