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Abstract:As an emerging biometric technology,the age estimation based on facial images has become an important

research topic in the field of computer vision,human computer interaction,etc.Since 2006,Deep Convolutional Neural

Network has been widely used and obtained good effects in the field of image recognition,speech recognition,natural

language processing,etc..In age estimation algorithm based on Deep Convolutional Neural Network,the paper constructs a

multilayered convolutional neural network.Taking the deep convolutional activation features as the facial distinctions of age

estimation, the paper applies Support Vector Machine(SVM) to train the age estimation model and acquire estimation results.

The algorithm has obtained 91.3% accuracy in Morph,the authoritative facial recognition dataset. Meanwhile,the experiment

results in different conditions have been compared.
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Fig.5 Frame diagram of age estimation based on CNN
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