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Decomposition and Sparse Representation
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Abstract:Due to the unsatisfactory result of image super-resolution reconstruction based on sparse representation

method proposed by Yang et al,this paper proposes a new method,which combines image cartoon-texture decomposition and

sparse representation,to achieve super-resolution reconstruction of low-resolution single images.The algorithm proposed

in this paper involves two types of dictionaries:the cartoon dictionary and the texture dictionary.The image reconstruction

process is divided into 2 steps:firstly,it reconstructs a high-resolution cartoon image and a high-resolution texture image

from a low-resolution image,then,it overlays the newly reconstructed high-resolution cartoon image and the high-resolution

texture image through linear weighting.As the experiment result shows,the method proposed in this paper brings significant

improvement in both subjective visual quality and objective PSNR (Peak Signal to Noise Ratio).
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Fig.1 Comparison on HR images reconstructed by three

kinds of super—resolution algorithms
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of super—resolution algorithms
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